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Application of Lexical Functions in Novelty
Measurement of Academic Papers

Luo Zhuoran'?, Lu Wei'?, Cai Le"* and Cheng Qikai'?

(1. School of Information Management, Wuhan University, Wuhan 430072;
2. Information Retrieval and Knowledge Mining Laboratory, Wuhan University, Wuhan 430072)

Abstract: To further investigate the novelty measure of academic papers, we conducted a study on the novelty measure-
ment of academic papers based on lexical functions. Specifically, we propose a method to calculate the novelty of words
for further pre-training in the field of computer science based on the data in papers in Association for Computing Machin-
ery (ACM) Digital Library and present a novelty calculation process for “question-method” combinations. We calculated
the novelty of the test set data and performed a comparison between our method and existing methods. Results show that
the papers collected from the ACM database are more innovative in terms of both research methods and research questions,
and the method proposed in this paper can capture more fine-grained novelty differences at the semantic level.

Key words: novelty measure; lexical function; question-method combination; pre-trained model
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