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Structure-Function Recognition of Academic Text
—Application in Automatic Keywords Extraction
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Abstract: The current approach for automatic extraction of keywords is mostly based on the frequency and docu-
mentation frequency of the alternative words, which are ignored in the inner structure of academic text and leads to
bad work of keywords extraction. In this article, we considered an academic text as a collection of five struc-
ture-function models, proposed a mixed feature method with academic text structure features, and implemented it in
the computer science documents by a classification technique called support vector machine (SVM) and a ranking
model named LamdbaMART. The results show that the methods we put forward are more effective than the baseline
model with base features and a 10.75% relative improvement has been observed on the precision in classification of
experiment, which proves that the academic text structure is important for automatic keywords extraction.
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