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)i Fs A H PR B TR RGP T B 2 A I A — S R B I 4 BL(U SemEval |
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R 55 B 18] T8 G BRI (191 22 1004 ) R () AH G A
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KA, Afrh e e g 2 R SR AR
Ak, A3V AN DU | SCfe ) s AL S SRR ARk
HATHI SR EIN . AR R BT N R
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FRAE, 435 R AN DU 7 5 e s U i A A
SLEG LR FRW], FhR VUM A TR R, B
[FIESR AR ZR DU 3 ist, N 6 M4 i A Toik
B 15 AR AR O T R R B 40LR K53 6 (Simulated
Annealing) VEHUIHFIFZH 4 . Hasanuzzaman 251517E 4y
TR U IR (B T 25 %) B[] 5 2 7R 42 22 Bsf [) 79 Bisp
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AHOCSCRY AR S SRS 43 28 45 FAFAIE 5 SCRY I ) {7 2
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(1) A E] JE AR
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FEAE:
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“RREHILELSRKR,
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D& intia 2448, #l4e aK[11,13,15], &0 T
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PR EH K F Eagat ) Eat A E Ley ZA40, EA{H6YIE,
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32 EHEHISEEREE
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HLOBFEZE. AOkIE . HRFEITEETE 4 250 RIEEA
WIRBAE PRTEREE, A 3h/r 3 nl 0 A B oy
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(1) TQIC A %4 : TQIC T 201445 H 9 H & A5
[ 300 8 SCATIY, nlaniE 1 FR.

<query>
<id>004</id>
<query_string>price of samsung galaxy note</query string>
<query_issue_time>May 1, 2013 GMT+0</query_issue_time>
<temporal class>recency</temporal class>

</query>

B 1 TQIC & i &K 4% 7]
R—&BP00 TN E R EAME—4 5 (d);
iRk (query_string); A ifIHEAE B RT|ER I}
[E](query issue time); J&T TQIC /21K R MY N THRIE
A 25 2 R 2 5] (temporal_class).
(2) AOL H &% 2006 4F 3 H 1 H-2006 4E 5 H
31 HifEg = A A H A&, wEanEl 2 Bos.

AnonID Query QueryTime  ItemRank C1ickURL

53 mapquest 2006-03-01 15:18:21 1  http:

66 cajun candle 2006-03-01 13:20:18 1  http: .cajuncandles.
66 candle jars 2006-03-01 13:22:29 1 http://www.sks-bottle.com

B 2 AOL B & ¥Eey =570
B—FEEE NS AR R R E R A

ID; #if) AN AL BRI E R E; %
URL 7EiR [mIZ5 R e P i1y URL.
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HERAET TQIC A, & WE /- Jsahii
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FREE T SCAREE, A RSO, T 25
b, FXT UL AR, AR NG, KRR
NAFS, B DSOS, DO B S 2R
4.2 H{EHE

HRAE AR E PR R R s =X, 3.1 ik
B =25 7 FhAE IR SR AR P AR R 19 ANERIE, M8
FHE, K Bk 19 MEiES M AL B, C. D, ESF
X6 MR, Wk 1 R,

1 ARSOIER AR SRR AR

» A
0 A wsies it e
i i
;iﬁ NEL L Sk
HEIE EMKE 10 s
B gg 0 RBOSEREL
‘ 6 ShiAmH
Bl T R LA
st © gﬁt 8 KBRS H
Eg - 9 ARG B
12 KR AR
L 13 IERE G A
D I VO e (e,
15 RO A
2 AR
o 3 g RS
" B 4 BRI
QE S gRmARRR S H
oy . 16 i 2R A
L 17 R AT
LI BE SN

19w T SWmTE R w i H
(TE: A RAERIRU S AN, IR o S R R 3.1
TR S, TR ISR IR 25 . )

(Dhttp://research.nii.ac jp/ntcir/permission/ntcir-11/perm-en-Temporalia.html.

http://www.cim.mcgill.ca/~dudek/206/Logs/AOL-user-ct-collection/.
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K AOL AT 10 000 S5BURE I ZRsid,
TQIC | Ax Y 220 4% B4l 1F ik £ 45, *+ T
LIBSVM, Lk 10 #rze Xhkaga ) =Nl Z28, m24%
IRATZERE 10 YA XAGHHERG R A A L B X2
FHP(SVMLin = LIBSVM), HERH—Xf 27338
RS, RVEE X A I A A 2R A s — A4~
TAHAZERE, I 4 AT EHSEER . 5 TQIC
55 PP 20K — B, 40 245 250 0 a4 28 vk 1 R
(Accuracy), HIBEIERG/SEAIREABG L) i A7 REA %120
TP, FZALHE B AT SER RT3 73 2w R

AMERR, AT e A (A AR ER R, 55 1E 4
A TAH S AR B MER R I

(1) BEMESEI R ARFIE 2 G i

HRAR T E B, FHETHE S50 A e 6 A2 7 A i A
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CR TR S FEET s

QAR EEZBRANGERE, RESKRAT AT
AR RMLER,

FERTA 5T TQIC MBI, STHR[ 11/ 73
SRR, LB =F#FE(L . C. D)
O3 X =R A R A AR, R IE AL G
(1+C+D) Al AN BEMESL I 20 . i/ BE S 6 240
B, TERHELL G (1+CHD) A JEAE A 1) K B RRAE
(45 10), Mk EE— BRIl A (A+CHD) Bl 5
HF TQIC MHHARR, LA LARHELLA T iR
A SVMlin 55 LIBSVM #4 B BRI, S50 an3k 2
Fimmo

i SVMlin Bf, SR A (1+C+D) i fff 3 1% =
TR (A+C+D) I HERS B2, {H R T (A+C+D) 1
LIBSVM HEffi BE7E LA T BT A SE g4 e s, PRIHAR SC
fl FHRFIEAL A (A+CHD) Y L B0 25 HAE S e S50

(2) XFHRA LI AR A A At

R BEAN [ 20 A 1) AR A R, R =
AN RESE I A RFE 2L A, EARINE 3 R,

F2 WS EERRBIAILG SR AR
SVMlin LIBSVM
FHIFLH A - . . ;
BUES BAE ARk Jox F FUDS HTE KA Jox T
1+C+D! 0.764 0.755 0.777 0.746 0.760 0.840 0.777 0.803 0.767 0.797
A+C+D 0.818 0.736 0.741 0.741 0.759 0.840 0.777 0.803 0.770 0.798
(e PURPAEAR B 20755 SRR AR ], SOAS S5 S B 45 5 5 5 SO AN )
#£ 3 XTHRSCEGPRAEA &
el ey il HRAE 2 A S
WA TTRFAE R 3 2145 =
L4 S RIRHERY 3 HAFEB. C. By E—m B4C. BiE. C+E. BCAE

EIEPE R

SRR RAE 55 VAR I AR AL A 4L S

TEAT— a4 & 3 b, In ABHE
I JARAE(D . PRI A,

VL =CH AR A B+C R fil, a7y
244 B+C+D. B+C+F. B+C+D+F

S RIS & P RIS,
TEHCEERE b, A SESRITERIRHEL A,

=RFHEAE

/

(Dhttp://nlp.stanford.edu/software/index.shtml.
(Dhttps://tempowordnet.greyc.fr/download TWn.html.
®http://vikas.sindhwani.org/svmlin.html.
@https://www.csie.ntu.edu.tw/~cjlin/libsvm/.
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5 SKEERST

51 EFARBMEAS THRESEERIRHGR
(1) U RRAAE 2 A B B U 45 21
4 A~ 53 R RF 20 4 (B+C, B+E, C+E, B+C+E)
RrHIRFH SVMIin Kz LIBSVM [ 25 5 R 4%
WK 3 fis. AL SVMIin 5 LIBSVM fl 528645 Sk
A—F, T ZEUERRTT S, Baseline 5 C+E
A2, Hfth =21 (B+C, B+E, B+C+E){i: T Baseline;

B+C+E fff(81.14%), HAUE T K¥essRE&H G
B+C+E 4 %} T Baseline %45 ' A I & #£ =
(p=0.048<0.05), LIACREMAFHEL S B+C+E 5
C+E Z1AHEL, BB Ar )2 0 & AR 005 B REE
B, AT BEHIHEIE B A A EAREE B Ei A E R
PURIASRERIE, XIS ISR R, T A L84l
it 2328 R AR W WAL T B2
g2k, HASLK h B+C+E S04 B, |5
SCLA“BEST #8415 .

88.00%
86.00%
84.00%
82.00% \
80.00%
78.00%
76.00%
74.00%
72.00%
70.00%
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—o=Baseline == B+C B+E C+E == B+C+E(BEST)

(b) LIBSVM

B3 EXEA4FEASNSESHIR EhER

90.00%
85.00%
80.00%
75.00% =
70.00%
65.00%
——Baseline == B+C —+= B+E — C+E —e= B+C+E(BEST)
(2) SVMlin
(2) U A RRAIE -5 W AR B TR R R LA A i A R
SPViIER

AVE TERT B RFIELL & D+F, Bl e DU S =Gt [
FRIF SRR RE IR A 4L A (L3R 3), SRA SVMIin
S LIBSVM HYSEBR45 R4l an &l 4 FIlEl 5 BoR

D A2 it 19 45 4E285-(D+F) 5 Baseline *3b: 34T -F3545
EAEH %, D+F 5 Baseline A8, 122 %A DHF“ILE L8 5%
A 28 8.3 T Baseline, “it 2769 45 £ e 45 F4KT Baseline,

@ 2 K B ] 4 A2 L5 12 B ) 4 AR A 414- 5 Baseline
stye: #T% AR5t Baseline 397 38, 12 B 4E A #h e B 9] 45 42
AR, RITGRREA 25, w=E 4(a). B 4(b). A 4(d)
P, BT EAR T R L ERERS L, SUnN F
8RR AR AT B T AN D R ER A D = F,

@)% X B 18] 45 4E 15 i 45 B o) 4 FE SR AL A 15 T 45 BT JR)
1A~ (DHF) T YL 3T 4 60 F 39 o K f o 534 & T AL 0 Al 4%
ARG, HAECT R CRRE”, RARNEHFE LY
ARG, A EE NS R ERHERE DHF A4

@ X ot R 4F4E L B R 4F AR A A A S B X A
AL A (BEST)* bb: #T4x+F BEST AAm &, ¥4 £k
FEAA T, BT it ££ 005 £ 5 5 35/8T BEST,;
AR 3 FHER, Tk KD XM AL BN 44
89 LA RE 4R B AR R B B RS AR L A0 T3 o R R

AR BACK A B K B A A0 T3 o R e &

SR FH 3 U TRV REAIE 5 08 ZE B R REAIE TR & S 30 41
SE S HETR R = T Baseline, = TIELER A1 FRE4H,
A KR P S s T REE 2 G 76 SRR R REE LA
TR AP i TR X TR R AR TG 25 572 &
5 S5 4 RRME5EH: S EEE S e R RAE
MR -G B+E+F BP0 8 UEw 5 m T BEST 41, JU
HIRTORZMMER R 5 T BEST MVERR, SRIMAL
FE T #3375 B+E+F 41, Baseline U & BEST 412 []3f:
B B2, RIUNSCREE M A 25 A A H
A, 76 B AR AE LA 3ERE FRBFINA D 5 F
ISR T A D Bt A F A5G40

(3) “ZAFFL A B S B A5 R

WRIEFR 3, —HAHEAL AR, RERT AR
BE, et s AR 5 Ve e i ) A A 4 A
L SEARTCRAFEAL(A). Bitn, SVMIin SCEe &
B+CHE+F USRI, LIBSVM 32554 & B+E+F
TR, IE % SVMIin 5 LIBSVM, A3
SEH L% A+B+CHE+F fil A+B+EAF B 252 R
R SEERZE R A 6 Frs .
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90.00% 90.00%
85.00% 85.00%
80.00% 80.00%
75.00% 7 75.00%
70.00% 70.00%
65.00% 65.00%
—+—Baseline=+=BEST=#=D+F =#=B+E+D=e=B+E+F=+=B+E+D+F =—+=Baseline =#=BEST=+=D+F B+E+D=#=B+E+F=e=B+E+D+F
(a) B+E (b) B+C
90.00% 90.00%
85.00% 85.00%
80.00% 80.00%
75.00% 75.00% —
70.00% 70.00%
65.00% 65.00%

—o—Baseling =e=BEST=#~ D+F =#=C+E+D == C+E+F == C+E+D+F —+Bascline=+=BEST=#=D+F =#=B+C+E+D =#=B+C+E+F~+-B+C+E+D+F

(c) C+E (d) B+C+E

A4 2XBRESAEL B R R AR AL A0 BT A F E SVMLin 12 5] LI R
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Temporal Intent Classification with Query Expression Feature

Gui Sisi'"? Lu Wei® Zhang Xiaojuan®*
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Abstract: [Objective] This paper investigates the effectiveness of query-based features and compares the performance
of two types of classifiers in a query temporal intent classification task. [Methods] This paper first reviews all
query-based features and then classifies those features into three types, according to their temporal relevance, namely,
atemporal, implicit temporal and explicit temporal. Then, it tests accuracy of a temporal query intent classification task,
using a supervised classifier and a semi-supervised classifier individually, with various combinations of query-based
features of different types. [Results] Among all tested query-based features, using explicit temporal features achieves
best accuracy, especially for the feature on whether a query contains a year; The performance hardly varies across
classifiers; Our best macro average accuracy of 81.14% is higher than that in previous studies with the same
experimental setups. [Limitations] Due to accessibility of dataset, our experiments are done on a limited size dataset.
Only existing query-based features are studied and no new feature is proposed or tested. [Conclusions] Using highly
temporal relevant features can improve accuracy in temporal query intent classification task, whereas using slightly
temporal relevant features could hardly improve accuracy.
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