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A Clustering Study of Subject Theme Based on Social Network

Zhu Mengxian Cheng Qikai Lu Wei
( Information Resource Research Center Wuhan University Wuhan 430072)

Abstract In this paper the authors applied the method of social network analysis to the subject theme clustering. The authors built a co
—words network based on the 3244 articles collected from CNKI then clustered the keywords using the Blondel community detecting al—-
gorithm and finally used the Z — value to detect the core circle of the community. At the end the three selected appropriate examples were
used to evaluate the two algorithms the results showed that the “Blondel community detecting algorithm ” runs very good although there
exists some problems and the “Z - value” algorithm runs perfectly good in every aspects. According to these methods the subject theme
clustering of Library and Information Science was concluded.
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