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The Structure Function Recognition of Academic Text
——Application in Academic Search

Huang Yong, Lu Wei, Cheng Qikai and Gui Sisi
(School of Information Management, Wuhan University, Wuhan 430072)

Abstract In scholar big data environment, academic text mining is becoming more fine-grained and semantic. The
structure function is the summary of the academic’s structure and function of sections. From the main content respect, we
use a field-weighted language model based on structure function, and conduct document level retrieval experiments on the
datasets of INEX04. The results of experiments demonstrate that our model is more effective than the baseline model and a
13.93% relative improvement has gotten on the P@ 5. The parameters of fields in model show that the intreduction is the

most important function, and the related work, method follows, the experiment and conclusion are at last. The experiment

of this paper also demonstrate the application value of structure function in academic search.
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FAR, B TR EL S 450 D B (6]
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A1,

ARSI FARA, HE W EEHRE A
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I, 2 3Cf# Al GridSearch J7 ¥ 54 S 4 w; #
Tl g — S BEXE[0,1] & 0.05 #
FBE,LEERIEFENSEMA 1,583 0
F-HHNBSERAER TR BMESHER P, BT R
X X R R IEM B RIS E.
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4.1 BE

A AR XML R 2 INEX 7E 2004 4
ad - hoc R T B BIELE inex - 1.4, FRAHF
T IEEE Computer Society publications M 1995 ~2002
SR 12 107 RmCHY, B 74 N EE, HF CO
(Content Only) F & 40 4>, CAS ( Content and
Structure) 5 34 4, —MAFEEEHS KB . F
B (title) FER R XBIHRSFEE . COF CAS TR
KAETFREEMGREBHTT HHRE, T
3C R ORI XML 8%, Bt AR A €O £
., 5FR0 INEX BoR—#, A 88 (title ) TR
ERBERARTRRE, BAXAF BERFANTEZ
BBEF, NTE-ITEREE, BE-THEXE
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4.2 SHIHEEIRS

BYE INEX XM AREH, A XHBRE—KR
2R XA B IE X, H B IESCHRE sec IRE2HA
FEN FARFRMEN FREFE st BIB—%
PRAE . MRHEIE SCP M BT bR AR, A< SCAE A UK [1]
B R R T EWREMNEWIIRIRI S B E
FIEHIHRERATIRG . K ER—FETFIIR
ERAMRMN TS R EFLEAFRENE

4.3 HERS

%t INEX % 9% o i 1E SCHEAT S MR A Z
B, X B R sec BETEMINEEAREST
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2016 4E 4 §

R2 AREXRBIRENIEHNBRUEAS Y

folder | 5IF | MXBFS | gk | LR | 4w
1 0.25 0.2 0.25 | 0.2 0.1
2 0.3 0.15 0.25 | 0.15 | 0.15
3 0.3 0.25 0.2 0.1 | 0.15
4 0.3 0.2 0.25 | 0.15 | 0.1
5 0.3 0.25 0.2 0.1 | 0.15
avg | 0.29 0.21 0.23 | 0.14 | 0.13

MR2HFEUEL, AHEHIETNERS
MRS S Ih8E, A E N 0. 29, MRBF K 7 ik
WEME, FHARESH 0.21 71 0.23, LK RS
WHREME, FIRESH N 0.14 0.13, K
VAT AR 2 AR XA MR R, AR 55 BB
HERRE AR, P51 S8aERB R, MXP R R
FTERSERRZ , SR EFERHMERBD

5 & #©

EXRFEIFTAFLE M EEEARE BRI IE
B BZERAXEBERANEHINERNES 5
RS B R X2 R SCAS o 45 4 2h BE S T AL,
7 INEXO4 BEMEX EH T XHEBRRELR,
TREH BMAZHIEHESEEAR T - RE
Z R 7E MAP .nDCG .P@5 .P@ 10 ,P@ 20 & F M iE
iR EWEBERMER, FFERBEER P ELEH
HEERM A M S BETT AR FEF AR XA IEX
BEP,ISURBRIER , HXHR . TEEMAK
2, ER R HIERMEXERAD,

A% 3CHR BT S D RE B AU E F R R
BTEEFNLIRER,FAEMNARNEHIIEHE
AMTHMERR BNAEUT ILERTEHR PR
EXHTEHUSHEMRATE, BREFTFEGLELS
WOEESH XBRARAE - ERE LRRTSHMK
RE,BNFE—-HSBERALFEXN AKX (9)F
MSE BT ASGER TERXANE WG
EERERPEA W HANE, B REMNA
BEhTH—-SER.
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