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Abstract: [Objective] Summarize the fundamental strategies and core issues in Cross-Moda Information Retrieval
(CMIR) based on correlation, and do research about the pros and cons of using partial least squares in feature subspace
projection in order to improve retrieval effect. [M ethods] Based on Wikipedia CMIR dataset, LDA and BOW models
are used as a characteristic expression of text and image resources, cosine distance as the similarity measure, and the
least squares method is used to learn subspace projection function replacing canonical correlation analysis method.
[Results] Using comparative analysis of the influence of three features subspace projection methods named canonical
correlation analysis, partial least squares regression, partial least squares correlation on CMIR results according to three
retrieval evaluation indicators that are P@K, MAP and NDCG, and the results show that partial |east squares correlation
obtains the best results. [Limitations] In dealing with data, partial least squares method assumes a linear relationship
between the data and an orthogonal relationship between the data base vectors, therefore the non-linear, non-orthogonal
problem can not be solved. [Conclusions] Feature subspace projection learning by using partial least squares
correlation is more consistent with original spatial information, and CMIR results are more stable.
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